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" Noise
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" Description

" Scale Invariant Feature Transform
" David Lowe
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' Image Matching
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" Image Registration

" Time Series Analysis

® Image Content Retrival
* 3D Modeling
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* Pattern Recognition

' Change Detection
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'" Feature-Based Method
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* Chang
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*Yang

" Patch

AY

e dp0 gy Gl ool b Coles po 05l e
asl hood bl 5 goldS blis (L alold auls
@75 @l Ssd 00 plnl (Shg Geek Al e )]
S (oo 9l Ty oleidey by S g 280
Jlamas G SO (V0VP) LLlSen g Loglis
Dol Dgl o adé gl (Shg blis GloolS
A58, (Byme 599 5l i polal G (2l
(e 428 ey Sy Bl (hey S e [VA]
oS i o (LolS 5 lde (OS5 5 2
= e e sle Slhe sl Gl gl
YL o, Shee 5 oy 3l S Slioles] s el
wolie g cdlao .cwl adlae pl 4o oo &SIl o,
09 3 Ghomims psloal el S5 sl (V41 0)
ooy onl o YAl s S sleies AB-SIFT Kivogs
B Gl gl CS IS b, 5l ool L
S bl 5 Sy, gl g o 2l il ol bl
AB-SIFT Samog Coles)s web oo dmmbe 0L3I,S
By ool Fhog Sy JS5
Flil ol e p e mly slo Koy
OB drloe gl (ke ol S gian (g5lostlyS
lrlrgel s 1 45 WS o oolitl lol,S g g
e gliie Ly 5 50

gh sla s sl 650k » e s,
S (i § i Sllasil a8V wha 50y
o glrosls 4 il Jaers cws sl Shg
—as slaasi i 00l (g5l ealosls vz
ONNP Goe coae sLaaSis 5 CNNY (ylsils
ool wld y90 ygal 4 gy e alizes gloo IS yo
OH8L o Laasid cnl srlene £99 1y 0 S (o0 13
S5 (29 o Shes eliml g ol law Sla S

' Hessian-Affine

"Low level
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¥ Convolutional Neural Network
° Deep Neural Network
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Abstract

Matching remote sensing images is a challenging issue in computer vision applications. Due to the very large
dimensions, local destructions, radiometric distortions, and geometric changes in the input images, the existing
matching algorithms such as Scale Invariant Feature Transform (SIFT) produce a large number of false
matches. Moreover, due to the high dimensional images a big number of keypoints are extracted in large-scale
satellite images. A very large number of keypoints increases the computational, memory and time complexity in
the stages of feature description and matching the keypoints. In this paper, the geometric relationships between
the key points extracted from the input images, are used to improve the detection process of false corresponding
points and also to increase the speed of the SIFT algorithm. The proposed false correspondence removal
algorithm uses the histogram of the scale difference values and the two image rotation angle. In the following,
two new algorithms which are based on the hierarchical strategy are proposed to increase the speed of the
SIFT algorithm. The first proposed algorithm is based on finding the optimal octaves in the scale space of the
SIFT algorithm and selecting their compared keypoints. In the second method, the parameters of the affine
transformation which are between the two images are calculated by performing an initial matching, and then
this transformation is used to reduce the search space in the final matching stage of the keypoints. Finally, to
check the performance and accuracy of each of the proposed methods, a variety of simulated and real images
have been used. Moreover, for the final evaluation of the proposed algorithms, the obtained results are
compared with SIFT, SR-SIFT and SIFT-GSI methods. The experimental results confirm the accuracy, stability

and high speed of the proposed methods in matching satellite images.
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